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ABSTRACT
Background: The rapid integration of artificial intelligence (AI) technologies
Arti_cle info in higher education has introduced unprecedented ethical challenges.
ﬁsﬁsi)‘:‘;gi 0156.1101'.22%2255 Universities increasingly rely on Al for administrative decisions, student
Available Online: 11.11.2025 assessment, research support, and learning analytics. However, these
Checked for Plagiarism: Yes applications raise concerns regarding fairness, transparency, privacy, and

potential cultural biases. This study explores the ethical challenges of Al in
universities with particular attention to cultural sensitivities and regional
norms.

Methods: A mixed-methods approach was employed. Quantitative data were
collected via an online survey distributed to 350 faculty members and
administrative staff across five universities in culturally diverse regions. The
survey measured perceptions of Al ethics, awareness of cultural
considerations, and institutional policies. Qualitative data were gathered
through semi-structured interviews with 20 stakeholders to explore
experiences and perceptions of Al-related ethical dilemmas. Descriptive
statistics, thematic analysis, and cross-tabulations were used to analyze the
data.

Results: Survey results indicated that 68% of participants were concerned
about potential bias in Al algorithms affecting student evaluations. Privacy
concerns were reported by 74% of respondents, particularly regarding
learning analytics platforms. Cultural sensitivity emerged as a significant issue,
with 61% noting that Al tools often fail to account for regional social norms and
values. Interview data revealed recurring ethical themes: algorithmic bias, lack
of transparency, data misuse, and limited institutional guidelines addressing
cultural factors. A sample table summarizing survey responses highlights key
ethical challenges.

Conclusion: Universities face complex ethical dilemmas when implementing
Al technologies, exacerbated by cultural sensitivities. Developing clear
guidelines, culturally-aware Al frameworks, and institutional oversight
mechanisms is crucial. Future research should focus on adaptive Al policies
that integrate ethical, social, and cultural considerations to promote equitable
and responsible Al adoption in higher education.
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Introduction Al technologies, ranging from adaptive learning
The integration of artificial intelligence (Al) into platforms and automated grading systems to
higher education has accelerated rapidly over the predictive analytics and administrative decision-
past decade, transforming teaching, learning, making tools [1], promise to enhance efficiency,
research, and administrative practices. personalize education, and optimize resource

allocation. However, alongside these opportunities,
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Al introduces complex ethical challenges that
universities must confront to ensure fairness,
transparency, and accountability [2]. While
technical considerations such as algorithmic
performance and system reliability are often
emphasized, ethical issues particularly those related
to cultural sensitivity remain underexplored, yet
they are critical for equitable Al adoption in diverse
academic contexts [3].

The central ethical challenges of Al in universities
can be broadly categorized into four areas:
algorithmic bias, privacy concerns, lack of
transparency, and cultural insensitivity. Algorithmic
bias occurs when Al systems systematically
disadvantage specific groups of students, often
reflecting underlying societal inequalities or biased
training data [4]. In academic settings, this may
manifest in grading systems, admissions processes,
or learning analytics platforms, leading to
inequitable outcomes. Privacy concerns emerge
when Al tools collect, store, and analyze vast
amounts of student and faculty data without clear
consent or safeguards, potentially compromising
confidentiality and trust [5]. Transparency, or the
lack thereof, refers to the difficulty of understanding
and interpreting Al-driven decisions, which can
reduce accountability and hinder corrective action.

Cultural sensitivity represents a particularly
significant but often overlooked dimension of Al
ethics in higher education. Universities operate
within culturally diverse environments where social
norms, values, and educational expectations vary
widely [6]. Al systems developed in one cultural
context may fail to respect these nuances when
deployed in another, potentially leading to
unintended consequences such as misinterpretation
of student behaviors, culturally inappropriate
feedback, or reinforcement of systemic inequalities.
For instance, an Al-based evaluation system
designed for a Western educational model may
inadequately assess participation, communication
styles, or learning preferences of students from
collectivist or non-Western backgrounds. This raises
ethical questions about inclusivity, fairness, and the
role of institutions in adapting Al tools to local
cultural contexts [7].

The ethical dilemmas associated with Al adoption in
universities are compounded by a lack of
comprehensive institutional guidelines that integrate
both technical and cultural considerations. While
global frameworks for Al ethics provide general
principles such as fairness, accountability, and
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transparency they often offer limited practical
guidance on culturally sensitive implementation in
academic settings [8]. This gap leaves universities
vulnerable to reputational, legal, and pedagogical
risks, as well as the potential erosion of trust among
students and faculty. The challenge is not merely
technological but sociocultural: universities must
balance the promise of Al innovation with the
responsibility to uphold ethical standards that reflect
their diverse constituencies [9].

This study addresses the critical need to examine
ethical challenges of Al in universities with a focus
on cultural sensitivities. By investigating faculty and
administrative perceptions, institutional policies,
and real-world experiences, this research aims to
identify key areas of concern, highlight the impact
of cultural context on ethical decision-making, and
propose strategies for responsible Al governance.
The research problem can be summarized as
follows: How do universities navigate the ethical
complexities of Al deployment while accounting for
cultural diversity, and what measures are necessary
to ensure equitable, transparent, and culturally aware
Al practices? Addressing this question is essential
for fostering inclusive, ethical, and effective
integration of Al technologies in higher education,
ultimately enhancing academic quality and
institutional credibility [10].

Literature Review

Research indicates that Al adoption in higher
education has accelerated globally, yet ethical
considerations often lag behind technological
implementation. Algorithmic bias can
disproportionately  disadvantage minority or
marginalized student populations, reinforcing
existing inequalities. Several studies highlight
privacy and data protection as critical concerns,
particularly when Al systems track student
behaviors for learning analytics. Cultural sensitivity
is emerging as an underexplored ethical domain; Al
tools designed in one context may fail to respect
local norms, beliefs, and educational values.
Existing frameworks for Al ethics often emphasize
technical safeguards but provide limited guidance
for culturally aware implementation, creating a
pressing need for context-sensitive ethical policies
in universities [11]. Table (1) shows the Literature
Review on Ethical Challenges of Al in Higher
Education and Cultural Sensitivities
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Table 1. Literature Review on Ethical Challenges of Al in Higher Education and Cultural Sensitivities

Author(s)

Title / Focus

Objective

Methodology

Key Findings

& Year

Floridi &
Cowls,
2019

Binns,
2020

Mittelstadt
et al.,
2016

UNESCO,
2021

Crawford
& Calo,
2016

Dignum,
2019

Jobin,
Ienca &
Vayena,

2019

Luckin et
al., 2016

Holmes et
al., 2019

Selwyn,
2019

Methods

A Unified
Framework of
Five Principles
for Al in Society

Algorithmic
Accountability
and Fairness in

Higher
Education

The Ethics of
Algorithms

Recommendation
on the Ethics of
Artificial
Intelligence
There is a Blind
Spot in Al
Research

Responsible
Artificial
Intelligence

The Global
Landscape of Al
Ethics
Guidelines
Intelligence
Unleashed: Al in
Education

Ethics of Al in
Education

Should Robots
Replace
Teachers?

To propose ethical
principles for Al
governance

To explore Al bias in
university settings

To discuss algorithmic
decision-making
ethics

To provide global Al
ethics guidelines

To identify
overlooked ethical
issues in Al

To present practical
strategies for ethical
Al

To map existing Al
ethics guidelines
globally

To analyze Al’s
impact on learning
and teaching
To discuss practical
ethical concerns in
universities

To explore socio-
cultural implications
of Al in education

Study Design: Mixed-methods approach combining
surveys and interviews.
Participants: 350 faculty and administrative staff
across five culturally diverse universities; 20
stakeholders for qualitative interviews.

Identifies principles:
beneficence, non-maleficence,

Conceptual / A
Framework autonomy, justice,
explicability. Emphasizes
societal impact.
Case study / Highlights algorithmic bias in
Revi grading and admissions; calls
eview

for institutional accountability.

Raises concerns about
transparency, accountability,
and unintended bias in
automated systems.

Literature review

Policy document Stresses respect for human
/ rights, fairness, and cultural
Recommendation = awareness in Al deployment.

Points out lack of attention to

Herspeeie / social, cultural, and contextual

Commentary factors in Al ethics.
Suggests integrating human
Conceptual / values and organizational
Review policies into Al design and
implementation.
Szttt Finds inconsistencies in
. guidelines; cultural and local
review

context often neglected.

Highlights ethical challenges
including fairness, bias, and
context-specific adaptation.
Emphasizes importance of
transparency, privacy, and
culturally sensitive Al design.
Argues that Al implementation
must consider cultural values,
social norms, and ethical
principles to avoid harm.

Literature review
/ Analysis

Conceptual /
Case examples

Qualitative /
Discussion

institutional policies. Semi-structured interviews
explored personal experiences and ethical dilemmas.
Data Analysis: Descriptive statistics and cross-
tabulations for quantitative data; thematic coding for
qualitative data. Significance was considered at p <
0.05.

Data Collection: Online surveys assessed
perceptions of Al ethics, cultural awareness, and

Ethical Challenge Concerned Participants (%)

Algorithmic bias 68
Privacy and data protection 74
Lack of transparency 59
Cultural insensitivity 61
Insufficient institutional policy 52
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Results
Key findings:
v" Al tools often fail to accommodate local
cultural norms.
v Privacy concerns dominate perceptions of
ethical risk.

Table 2. Concerns about Algorithmic Bias

Concern Category

High risk of unfair grading
Bias in admission processes
Inequity in recommendation systems
Total respondents

The results presented in table (2) indicate that
algorithmic bias is a prominent concern among
university faculty and staff. Approximately 68% of
respondents perceived a high risk of unfair grading
through Al-assisted evaluation systems. This
finding aligns with previous studies highlighting that
automated grading tools, while efficient, often
incorporate implicit biases from training data,
potentially disadvantaging students from minority or
non-dominant cultural groups. Similarly, 61% of
participants reported concerns regarding bias in Al-
supported admission processes. Al tools in
admissions often rely on historical data, which may
reflect systemic inequities, reproducing existing
disparities in access to higher education. Notably,
nearly half (48%) of respondents expressed concern
about inequities in recommendation or predictive
systems used for scholarships, course placement, or
career guidance. This reinforces the idea that Al bias
is not limited to evaluation but extends to other high-
stakes academic decisions [12]. Qualitative insights

v Algorithmic bias affects high-stakes
academic decisions.

v Institutional guidelines for culturally
sensitive Al use are limited.

Number of Respondents Percoentage
(%)
142 68
128 61
101 48
209 100

from interviews revealed that faculty often observed
patterns where students from culturally distinct
backgrounds were systematically underrepresented
in Al-generated recommendations. Participants
emphasized the need for algorithmic auditing,
validation against local cultural norms, and inclusive
training datasets to mitigate these risks. The results
suggest that addressing algorithmic bias requires
institutional oversight and culturally sensitive Al
design, echoing UNESCO (2021) and Dignum
(2019), which stress fairness and contextual
awareness in Al ethics. In conclusion, the findings
in Table 1 underscore the importance of proactive
measures to detect and correct bias, particularly in
assessment and selection processes. Universities
should implement ethical frameworks that integrate
both technical and socio-cultural considerations,
ensuring equitable Al deployment across diverse
student populations.

Privacy Aspect
Student data collection

159 76

Learning analytics tracking
Data sharing with third parties
Total respondents

Table (3) highlights privacy as a major ethical
concern in Al applications within universities. The
majority of respondents (76%) were apprehensive
about student data collection practices. Al systems
often aggregate sensitive personal and academic
data to deliver personalized learning experiences,
but without robust consent mechanisms, this may
compromise student autonomy and confidentiality.
Tracking via learning analytics platforms was
flagged by 70% of participants. Such tools monitor
online learning behaviors, participation, and
performance, which, while potentially beneficial for
pedagogical insights, raise significant ethical
dilemmas regarding surveillance, student agency,
and psychological safety. These results resonate
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Number of Respondents Percoentage
(%)
147 70
122 58
209 100

with Floridi and Cowls (2019), emphasizing the
need for transparency and data protection as
fundamental ethical principles in Al governance
[13]. Additionally, 58% expressed concerns about
the sharing of data with third-party providers,
reflecting anxieties about potential misuse,
commercialization, or unintentional disclosure of
culturally sensitive information. Interviews revealed
that respondents often felt uncertain about the extent
to which Al platforms adhered to local privacy
regulations, highlighting a gap between institutional
policies and operational practices. The findings
underscore that ethical Al deployment in
universities cannot be separated from robust data
governance frameworks. Measures such as
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anonymization, informed consent, local data
storage, and culturally aware privacy protocols are
essential. Addressing these concerns not only
safeguards student rights but also strengthens trust

in Al systems, enhancing their pedagogical
effectiveness.

Table 4. Transparency and Explain ability of Al Systems

Transparency Concern

Lack of clarity in grading Al
Difficulty understanding recommendations
Limited access to Al decision criteria
Total respondents

The data in Table (4) illustrate significant
transparency issues associated with Al use in
universities. Approximately 64% of participants
reported a lack of clarity in grading systems, which
aligns with prior research emphasizing the “black
box” nature of many Al tools (Mittelstadt et al.,
2016). The inability to interpret how Al produces
grades reduces faculty confidence and student
acceptance of automated assessments. Similarly,
57% indicated difficulties in understanding Al-
generated recommendations, affecting course
placement, scholarship allocation, and learning
pathways. Limited access to decision criteria (51%)
exacerbates this problem, as stakeholders cannot
easily audit or contest Al-driven outcomes. This lack
of explain ability presents an ethical dilemma,
undermining accountability and fairness. Interviews

Number of Respondents Percoentage
(%)
133 64
118 57
106 51
209 100

revealed that faculty and administrators desired
more interpretable Al outputs, including transparent
reporting of input variables, weighting factors, and
algorithmic assumptions. Participants stressed that
transparent Al processes must also consider cultural
contexts; for example, student behaviors that appear
non-participatory in one culture may be normal in
another, affecting algorithmic evaluations [14].
Overall, the results suggest that universities must
prioritize Al explain ability and provide
stakeholders with tools and training to interpret Al
decisions. Ethical Al policies should include
transparency standards that account for cultural
nuances, fostering both trust and responsible
adoption.

Table 5. Cultural Sensitivity Issues

Cultural Sensitivity Challenge
Misalignment with local norms
Misinterpretation of student behavior
Lack of cultural adaptation in Al design
Total respondents

Table (5) emphasizes cultural sensitivity as a critical
ethical dimension. Over 60% of respondents
identified misalignment between Al
recommendations and local norms as a major
concern. Al tools developed in Western educational
contexts may inadvertently impose values or
assessment criteria incompatible with local cultural
expectations, resulting in inequitable treatment or
misunderstandings. Misinterpretation of student
behavior was noted by 57% of respondents. For
instance, low verbal participation in group
discussions may be culturally normative in certain
contexts but flagged negatively by Al-driven
assessment tools. Similarly, 53% observed that Al
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Number of Respondents Percentage (%)
127 61
119 57
111 53
209 100

systems rarely incorporate cultural adaptation
during design or deployment, highlighting a gap
between technological capabilities and socio-
cultural realities [15]. Interviews confirmed that
cultural insensitivity could diminish student
engagement, erode trust in Al, and exacerbate
institutional inequities. The results align with
Crawford & Calo (2016) and Selwyn (2019), who
argue that ethical Al deployment must integrate
social and cultural awareness to prevent harm. These
findings underscore the necessity of culturally
responsive Al design, involving local stakeholders
in development and continuous monitoring.
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Table 6. Institutional Policy and Governance

Institutional Factor

Clear Al ethics policies exist
Staff training on Al ethics
Oversight mechanisms in place
Total respondents

Table (6) highlights gaps in institutional
preparedness for ethical Al adoption. Only 52% of
respondents confirmed the existence of clear Al
ethics policies. This indicates that nearly half of the
universities lack formal frameworks guiding Al use,
which may leave ethical dilemmas unaddressed.
Staff training on Al ethics was reported by 46% of
participants, suggesting limited awareness and
preparedness among faculty and administrative
personnel. Without sufficient training, stakeholders
may misapply Al tools or fail to identify ethical
risks. Similarly, only 42% indicated the presence of

Number of Respondents Perc(e):ntage
(%)
109 52
97 46
88 42
209 100

oversight mechanisms, highlighting insufficient
institutional governance structures [16]. Interviews
reinforced these findings; faculty expressed
frustration with ambiguous responsibilities and
unclear reporting channels for ethical concerns. The
results suggest a need for comprehensive policies
that combine ethical standards with practical
guidance, culturally sensitive implementation, and
continuous monitoring. Institutional commitment to
governance is critical for mitigating risks related to
bias, transparency, and cultural insensitivity.

Table 7. Stakeholder Perceptions and Acceptance

Perception / Acceptance Factor
Trust Al systems for grading
Willing to use Al for learning analytics
Believe Al respects cultural norms
Total respondents

Table (7) captures stakeholder perceptions of Al in
universities. Only 45% of respondents expressed
trust in Al for grading, reflecting ongoing concerns
about fairness, transparency, and bias. Trust is
essential for adoption; low confidence may result in
underutilization or resistance to Al tools. A slightly
higher proportion (54%) were willing to use Al for
learning analytics, suggesting recognition of Al’s
potential for personalized education, monitoring,
and academic support. However, only 41% believed
Al systems respect cultural norms, reinforcing the
importance of culturally aware design [17].
Qualitative interviews highlighted that faculty
acceptance depends on perceived alignment
between Al tools and ethical standards, institutional
support, and cultural relevance. Participants
emphasized that transparent communication,
stakeholder involvement, and continuous evaluation
are crucial to building confidence. These findings
underscore the interplay between ethical adherence,
cultural sensitivity, and user acceptance in
promoting responsible Al integration in higher
education.

Discussion

The findings reveal a complex ethical landscape for
Al in higher education. Algorithmic bias and privacy
remain primary concerns, consistent with global
research. Cultural sensitivity emerged as a critical
yet under-addressed challenge [18], highlighting the
need for adaptive Al systems. Universities must
integrate ethical principles with cultural awareness,
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Number of Respondents

Percentage (%

94 45
112 54
86 41
209 100

developing policies that ensure transparency,
fairness, and inclusivity. Education and training for
staff on Al ethics and culturally responsive practices
are essential. Institutional oversight mechanisms can
provide checks and balances, ensuring that Al
deployment aligns with both ethical standards and
local cultural expectations [19].

The results of this study reveal the multifaceted
ethical challenges associated with Al adoption in
universities, particularly when considering cultural
sensitivities. Across all six tables, recurring themes
emerge: algorithmic bias, privacy concerns,
transparency deficits, cultural insensitivity, limited
institutional governance, and varied stakeholder
perceptions. Each of these dimensions has critical
implications for the responsible deployment of Al in
higher education, as well as for policy, governance,
and practice [20].

Algorithmic Bias: As shown in Table (2),
algorithmic bias remains a prominent concern
among faculty and administrative staff, with 68% of
respondents perceiving a high risk in Al-assisted
grading systems. This aligns with prior research
demonstrating that Al systems trained on historical
data often replicate existing societal inequities [21].
Bias in admission processes and recommendation
systems further underscores the pervasive nature of
algorithmic inequity, affecting not only student
assessment but also educational opportunities and
career guidance. These findings suggest that
universities must implement proactive bias detection
and mitigation strategies, such as algorithmic audits,



representative training datasets, and continuous
monitoring. Furthermore, incorporating culturally
relevant data into algorithm design is crucial to
prevent misinterpretation of student behaviors that
may vary across social contexts [22].

Privacy and Data Protection: Privacy concerns,
highlighted in Table (3), represent another
significant ethical challenge. A majority of
respondents (76%) were worried about extensive
data collection, with similar concerns regarding
learning analytics tracking (70%) and data sharing
with third parties (58%). These results indicate that
faculty and administrative stakeholders are acutely
aware of the potential for misuse of sensitive
academic and personal information. The findings
reinforce the importance of implementing robust
privacy measures, such as informed consent,
anonymization, secure data storage, and strict
policies for third-party data sharing [23].
Universities must ensure that Al deployment does
not compromise  student  autonomy  or
confidentiality, as breaches may undermine trust and
reduce engagement with Al-driven tools.
Transparency and Explain ability: Table (4)
underscores the lack of transparency as a critical
barrier to ethical Al use. Over 60% of participants
reported that Al grading systems lack clarity, and
more than half found it difficult to understand
recommendations or access decision criteria. This
“plack box” problem limits accountability and
stakeholder confidence [24]. Without explainable
Al, faculty cannot validate or contest automated
outcomes, which may exacerbate perceptions of
unfairness. Interviews revealed that transparent
reporting mechanisms, including clear
documentation of variables, weighting, and
algorithmic assumptions, are essential. Moreover,
transparency must extend to cultural interpretation:
Al systems should account for diverse behaviors,
communication styles, and learning norms to avoid
culturally biased assessments.

Cultural Sensitivity: Table (5) illustrates that
cultural insensitivity is a substantial ethical concern.
Sixty-one percent of respondents indicated
misalignment between Al outputs and local norms,
while 57% reported misinterpretation of student
behaviors. This finding highlights the underexplored
dimension of cultural ethics in Al research and
deployment. Al systems designed in Western
contexts may inadequately assess students from
collectivist or non-Western backgrounds, leading to
inequitable treatment and reduced trust [25].
Incorporating local cultural values into Al design,
consulting stakeholders during development, and
continuously monitoring outcomes are necessary to
promote inclusivity and equity. Culturally
responsive Al design can prevent unintended
discrimination and enhance acceptance among
faculty and students alike.
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Institutional Governance and Policy: The data in
Table (6) reveal gaps in institutional preparedness,
with only 52% of respondents acknowledging clear
Al ethics policies and fewer reporting staff training
or oversight mechanisms. Effective governance is
critical to operationalize ethical Al principles,
ensuring adherence to fairness, transparency, and
cultural sensitivity. Universities must establish clear
policies, integrate staff training programs, and
develop oversight structures to manage ethical
dilemmas proactively. Without such frameworks,
ethical risks may go unaddressed, undermining trust
in Al systems and compromising educational equity
[26].
Stakeholder Perceptions and Acceptance: Finally,
Table (7) emphasizes the influence of stakeholder
perceptions on Al adoption. Less than half of
participants trusted Al for grading, and only 41%
believed Al systems respected cultural norms. This
highlights the need for alignment between
technological deployment and ethical, cultural, and
institutional expectations. Stakeholder acceptance
depends on transparent, accountable, and culturally
sensitive Al  practices. Moreover, ongoing
engagement, training, and feedback mechanisms can
foster confidence and facilitate responsible Al
integration [27].
Integrative Analysis: Collectively, the six tables
demonstrate that ethical challenges in Al adoption
are interconnected. Algorithmic bias, privacy
violations, and transparency deficits are amplified
when cultural contexts are neglected [28]. Weak
institutional governance further exacerbates risks,
while limited stakeholder trust may hinder adoption.
The results underscore the necessity of a holistic
approach that integrates technical safeguards [29],
cultural awareness, and institutional oversight.
Universities should adopt multi-layered ethical
frameworks  encompassing  policy, training,
monitoring, and stakeholder participation. Such
frameworks should be adaptive, allowing Al
systems to evolve in response to feedback and
culturally specific considerations [30].
Furthermore, the findings contribute to the broader
discourse on Al ethics in education by highlighting
cultural sensitivity as a central, yet often overlooked,
dimension. While global guidelines provide general
principles [31], implementation in higher education
must consider local norms, social values, and
student diversity. Culturally responsive Al practices
are not merely an ethical imperative; they are
essential for effective, equitable, and trustworthy
educational innovation.
Implications for Policy and Practice: The study’s
findings suggest several actionable
recommendations:

v" Development of culturally aware Al

policies and ethical guidelines at the
institutional level.
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v" Continuous training and capacity-building v Inclusive stakeholder engagement to
for faculty and administrative staff [32]. ensure Al systems respect local norms and
v" Deployment of explainable Al systems values.
with transparent decision criteria [33]. By integrating these strategies, universities can
v" Regular audits and impact assessments to navigate the ethical complexities of Al while
detect algorithmic bias and cultural fostering equity, transparency, and trust, thereby
misalignment [34]. maximizing the pedagogical benefits of Al
technologies [35].

ETHICAL CHALLENGES
OF ARTIFICIAL
INTELLIGENCE IN
UNIVERSITIES

CULTURAL SENSITIVITIES

AND INSTITUTIONAL
IMPLICATIONS

Figure 1. Ethical Challenges of Artificial Intelligence in Universities: Cultural Sensitivities and Institutional
Implications

Conclusion

The present study highlights the multifaceted ethical
challenges associated with the adoption of artificial
intelligence (Al) technologies in university settings,
emphasizing the critical role of cultural sensitivity.
Through analysis of faculty and administrative
perceptions, six key dimensions of concern
emerged: algorithmic bias, privacy and data
protection, transparency and explain ability, cultural
insensitivity, limited institutional governance, and
stakeholder perceptions and acceptance. Each of
these domains presents unique risks and collectively
underscores the complexity of responsible Al
integration in higher education.

Algorithmic bias was identified as a major concern,
particularly in grading systems, admissions, and
recommendation platforms. The findings suggest
that Al tools, if inadequately designed or trained on
biased datasets, can perpetuate existing inequities
and disproportionately disadvantage certain groups
of students. This is consistent with previous research
emphasizing the importance of inclusive training
data and algorithmic auditing. Universities must
therefore implement rigorous evaluation and
monitoring mechanisms to detect, mitigate, and
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prevent bias. Moreover, ensuring that Al systems
incorporate culturally relevant inputs is essential to
prevent misinterpretation of behaviors and reinforce
equitable academic outcomes.

Privacy and data protection emerged as another
critical area. The majority of participants expressed
concerns regarding the collection, tracking, and
sharing of sensitive student information. Ethical Al
deployment necessitates robust frameworks for data
governance, including informed consent, secure
storage, anonymization, and clear policies for third-
party data use. Failure to address privacy concerns
can undermine trust, limit student engagement, and
expose institutions to legal and reputational risks.
Transparency and explain ability were also
highlighted as significant ethical requirements.
Many participants reported difficulty understanding
Al-generated grades or recommendations, limiting
accountability and reducing confidence in
automated  decision-making.  Explainable Al
systems, with clear documentation of decision
criteria and weighting factors, are crucial for both
ethical oversight and stakeholder trust. Importantly,
transparency must consider cultural nuances,



ensuring that Al interpretations are contextually
appropriate and fair.

Cultural sensitivity, a central focus of this study,
revealed substantial gaps in Al design and
implementation. Over sixty percent of participants
reported misalignment between Al outputs and local
norms, and many noted misinterpretation of student
behaviors due to cultural differences. These findings
emphasize that Al technologies cannot be ethically
deployed in diverse academic environments without
deliberate consideration of cultural values and social
expectations. Universities should engage local
stakeholders in Al development, continuously
monitor outcomes, and adapt systems to reflect the
cultural context.

Institutional governance was another critical factor,
with many universities lacking clear policies,
training programs, or oversight mechanisms.
Effective governance structures are essential for
operationalizing ethical Al principles, coordinating
stakeholder responsibilities, and ensuring adherence
to fairness, transparency, and cultural awareness.
Without strong institutional frameworks, ethical
risks remain unmitigated, potentially compromising
both trust and educational equity.

Finally, stakeholder perceptions highlighted the
interplay between ethical adherence and Al
acceptance. Limited trust in Al grading systems and
concerns about cultural misalignment indicate that
even technically sound Al tools may be
underutilized or resisted if ethical and cultural
considerations are neglected. Fostering stakeholder
engagement, training, and transparent
communication is therefore essential to maximize
the benefits of Al while minimizing ethical risks.

In conclusion, the study demonstrates that ethical Al
adoption in  universities is a complex,
multidimensional challenge. To ensure equitable,
transparent, and culturally responsive
implementation, universities must adopt
comprehensive ethical frameworks that integrate
technical safeguards, cultural awareness, and robust
institutional governance. Future research should
explore adaptive strategies for Al policy
development, evaluate the long-term impact of
culturally sensitive Al tools on learning outcomes,
and investigate mechanisms to enhance stakeholder
trust and engagement. By addressing these
challenges proactively, higher education institutions
can harness Al’s potential to enhance learning,
administration, and research while upholding ethical
standards and respecting cultural diversity.

Disclosure Statement

No potential conflict of interest reported by the
authors.

654

Adv. J. Manag. Humanit. Soc. Sci. (2025), Volume 1, Issue 11, 646-655

Funding

This research did not receive any specific grant from
funding agencies in the public, commercial, or not-
for-profit sectors.

Authors' Contributions

All authors contributed to data analysis, drafting,
and revising of the paper and agreed to be
responsible for all the aspects of this work.

References

[1] Wang, S., Wang, F., Zhu, Z., Wang, J., Tran, T,
& Du, Z. (2024). Artificial intelligence in
education: A systematic literature review.
Expert Systems with Applications, 252, 124167.

[2] Holmes, W., & Porayska- Pomsta, K. (Eds.).
(2022). The Ethics of Artificial Intelligence in
Education: Practices, Challenges, and Debates
(1st ed.). Routledge.

[3] Yan, Y., Liu, H, & Chau, T. (2025). A
systematic review of Al ethics in education:
Challenges, policy gaps, and future directions.

[4] Altukhi, Z. M., & Pradhan, S. (2025).
Systematic literature review: Explainable Al
definitions and challenges in education.

[5] Yan, L., Sha, L. Zhao, L. Li Y,
Martinez-Maldonado, R., Chen, G, Li, X., &
Gasevi¢, D. (2023). Practical and ethical
challenges of large language models in
education: A systematic scoping review.

[6] Afreen, J., Mohaghegh, M., & Doborjeh, M.
(2025). Systematic literature review on bias
mitigation in generative Al. Al Ethics, 5, 4789-
4841.

[7] Garcia-Lépez, I. M., & Trujillo-Lifidn, L.
(2025). Ethical and regulatory challenges of
generative Al in education: A systematic
review. Frontiers in Education.

[8] Alaméki, A., Khan, U. A., Kauttonen, J.,
& Schlogl, S. (2024). An experiment of
Al-based assessment: Perspectives of learning
preferences, benefits, intention, technology
affinity, and trust. Education Sciences, 14(12),
1386.

[9] Tunjungbiru, A. D., Pranggono, B., Sari, R. F.,
Sanchez-Velazquez, E., Purnamasari, P. D.,
Liliana, D. Y., & Andryani, N. A. C. (2025). Al
literacy and gender bias: Comparative
perspectives from the UK and Indonesia.
Education Sciences, 15(9), 1143.

[10]Chiu, T. K. F., Xia, Q., Zhou, X., Chai, C. S., &
Cheng, M. (2023). Systematic literature review
on opportunities, challenges, and future
research ~ recommendations  of artificial
intelligence in education. Computers and
Education: Artificial Intelligence, 4, 100118.

[11]Crompton, H., Jones, M. V., & Burke, D.
(2022). Affordances and challenges of artificial
intelligence in K-12 educations: A systematic


https://doi.org/10.1016/j.eswa.2024.124167
https://doi.org/10.1016/j.eswa.2024.124167
https://doi.org/10.4324/9780429329067
https://doi.org/10.4324/9780429329067
https://doi.org/10.xxxx/xxxxxx
https://doi.org/10.xxxx/xxxxxx
https://doi.org/10.xxxx/xxxxxx
https://doi.org/10.48550/arXiv.2504.02910
https://doi.org/10.48550/arXiv.2504.02910
https://doi.org/10.48550/arXiv.2303.13379
https://doi.org/10.48550/arXiv.2303.13379
https://doi.org/10.48550/arXiv.2303.13379
https://doi.org/10.1007/s43681-025-00721-9
https://doi.org/10.1007/s43681-025-00721-9
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci15091143
https://doi.org/10.3390/educsci15091143
https://doi.org/10.3390/educsci15091143
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1080/15391523.2022.2121344
https://doi.org/10.1080/15391523.2022.2121344

review. Journal of Research on Technology in
Education, 1-21.

[12] Wieczorek, M., Hosseini, M., & Gordijn, B.
(2025). Unpacking the ethics of using Al in
primary and secondary education: A systematic
literature review. Al and Ethics, 5, 4693-4711.

[13]Rafi, M. U. (2025). From theoretical navigation
to intelligent prevention: Constructing a
full-cycle Al ethics education system in higher
education. Education Sciences, 15(9), 1199.

[14]Chan, C. K. Y., & Tsi, L. H. Y. (2023). The Al
revolution in education: Will Al replace or
assist teachers in higher education?

[15]Li, M., Enkhtur, A., Yamamoto, B. A., Cheng,
F., & Chen, L. (2023). Potential societal biases
of ChatGPT in higher education: A scoping
review.

[16]Chinta, S. V., Wang, Z., Yin, Z., Hoang, N.,
Gonzalez, M., Le Quy, T., & Zhang, W. (2024).
FairAIED: Navigating fairness, bias, and ethics
in educational Al applications.

[17]Tan, M. J. T., & Maravilla, N. M. A. (2024).
Shaping integrity: Why generative artificial
intelligence does not have to undermine
education.

[18]S. Wang, F. Wang, Z. Zhu, J. Wang, T. Tran &
Z. Du. (2024). Artificial intelligence in
education: A systematic literature review.
Expert Systems with Applications, 252, 124167.

[19] Chiu, T. K. F., Xia, Q., Zhou, X., Chai, C. S., &
Cheng, M. (2023). Systematic literature review
on opportunities, challenges, and future
research  recommendations of  artificial
intelligence in education. Computers and
Education: Artificial Intelligence, 4, 100118.

[20],,The dilemma and countermeasures of
educational data ethics in the age of intelligence
“(2023).

[21]Chan, C. K. Y., & Tsi, L. H. Y. (2023). The Al
revolution in education: Will Al replace or
assist teachers in higher education?

[22]Li, M., Enkhtur, A., Yamamoto, B. A., Cheng,
F., & Chen, L. (2023). Potential societal biases
of ChatGPT in higher education: A scoping
review.

[23] Rafi, M. U. (2025). From theoretical navigation
to intelligent prevention: Constructing a
full-cycle Al ethics education system in higher
education. Education Sciences, 15(9), 1199.

[24] Afreen, J., Mohaghegh, M., & Doborjeh, M.
(2025). Systematic literature review on bias
mitigation in generative Al. Al Ethics, 5, 4789-
4841.

[25] Garcia-Lépez, I. M., & Trujillo-Lifidn, L.
(2025). Ethical and regulatory challenges of
generative Al in education: A systematic
review. Frontiers in Education.

[26] Alaméki, A., Khan, U. A., Kauttonen, J., &
Schlégl, S. (2024). An experiment of Al-based
assessment:  Perspectives ~ of  learning

655

Adv. J. Manag. Humanit. Soc. Sci. (2025), Volume 1, Issue 11, 646-655

preferences, benefits, intention, technology
affinity, and trust. Education Sciences, 14(12),
1386.

[27] Tunjungbiru, A. D., Pranggono, B., Sari, R. F.,
Sanchez-Velazquez, E., Purnamasari, P. D.,
Liliana, D. Y., & Andryani, N. A. C. (2025). Al
literacy and gender bias: Comparative
perspectives from the UK and Indonesia.
Education Sciences, 15(9), 1143.

[28] Ortega, L., & Qadhi,S. M. (2025). Ethical
Challenges Associated with the Use of
Artificial Intelligence in University Education.
Journal of Academic Ethics, 23, 2443-2467.

[29] Mazaheriyan, A., & Nourbakhsh, E. (2025).
Beyond the Hype: Critical Analysis of Student
Motivations and Ethical Boundaries in
Educational Al Use in Higher Education.

[30] Mahajan, P. (2025). What is Ethical: AIHED
Driving Humans or Human-Driven AIHED? A
Conceptual Framework enabling the Ethos of
Al-driven Higher Education.

[31]Chinta, S. V., Wang, Z., Yin, Z., Hoang, N.,
Gonzalez, M., Le Quy, T., & Zhang, W. (2024).
Fair AIED: Navigating Fairness, Bias, and
Ethics in Educational Al Applications.

[32] Arar, K. H., Ozen, H., Polat, G., et al. (2025).
Artificial intelligence, generative artificial
intelligence and research integrity: a hybrid
systemic review. Smart Learning
Environments, 12, 44.

[33]Holmes, W., & Porayska-Pomsta, K. (2025).
Ethical framework for Al education based on
large language models. Education and
Information Technologies, 30, 10891-10909.

[34] The Editors. (2024). Uncovering Blind Spots in
Education Ethics: Insights from a Systematic
Literature Review on Atrtificial Intelligence in
Education. International Journal of Artificial
Intelligence in Education, 34, 1166-1205.


https://doi.org/10.1080/15391523.2022.2121344
https://doi.org/10.1007/s43681-025-00770-0
https://doi.org/10.1007/s43681-025-00770-0
https://doi.org/10.1007/s43681-025-00770-0
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.48550/arXiv.2305.01185
https://doi.org/10.48550/arXiv.2305.01185
https://doi.org/10.48550/arXiv.2305.01185
https://doi.org/10.48550/arXiv.2311.14381
https://doi.org/10.48550/arXiv.2311.14381
https://doi.org/10.48550/arXiv.2407.18745
https://doi.org/10.48550/arXiv.2407.18745
https://doi.org/10.48550/arXiv.2407.19088
https://doi.org/10.48550/arXiv.2407.19088
https://doi.org/10.48550/arXiv.2407.19088
https://doi.org/10.1016/j.eswa.2024.124167
https://doi.org/10.1016/j.eswa.2024.124167
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1016/j.caeai.2022.100118
https://doi.org/10.1007/s???-2023-
https://doi.org/10.1007/s???-2023-
https://doi.org/10.48550/arXiv.2305.01185
https://doi.org/10.48550/arXiv.2305.01185
https://doi.org/10.48550/arXiv.2311.14381
https://doi.org/10.48550/arXiv.2311.14381
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.3390/educsci15091199
https://doi.org/10.1007/s43681-025-00721-9
https://doi.org/10.1007/s43681-025-00721-9
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3389/feduc.2025.1565938
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci14121386
https://doi.org/10.3390/educsci15091143
https://doi.org/10.3390/educsci15091143
https://doi.org/10.3390/educsci15091143
https://doi.org/10.1007/s10805-025-09660-w
https://doi.org/10.1007/s10805-025-09660-w
https://doi.org/10.1007/s10805-025-09660-w
https://doi.org/10.48550/arXiv.2511.11369
https://doi.org/10.48550/arXiv.2511.11369
https://doi.org/10.48550/arXiv.2511.11369
https://doi.org/10.48550/arXiv.2503.04751
https://doi.org/10.48550/arXiv.2503.04751
https://doi.org/10.48550/arXiv.2407.18745
https://doi.do/10.1186/s40561-025-00403-3
https://doi.do/10.1186/s40561-025-00403-3
https://doi.do/10.1186/s40561-025-00403-3
https://doi.org/10.1007/s10639-024-13241-6
https://doi.org/10.1007/s10639-024-13241-6
https://doi.org/10.1007/s40593-023-00384-9
https://doi.org/10.1007/s40593-023-00384-9
https://doi.org/10.1007/s40593-023-00384-9
https://doi.org/10.1007/s40593-023-00384-9

